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Parallel PPRL with GPUs Parallel PPRL with Apache
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Conclusions
 Healthcare — «statistical information would become more « Challenges balancing conflicting requirements — high
meaningful because it would be linked to other types of data» privacy, link quality and scalability to large datasets
Halbert Dunn (1946)  Big Data variety reduces the match quality — difficult to
« City Analytics — Sensitive data is essential to bring manage with multi-party integration
data-driven intelligence (o cities. * There are no standard methods to evaluate the privacy level
 PIMS — PIMS allow individuals to manage their personal data of PPRL protocols
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