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Process of Big Data Analysis in Healthcare Industry

Prescriptive Analytics

Predictive Analytics

h J
A 4

Data Acquisition Data Storage

Data Management

l

Data Acquisition

Health Care Analytics

; [ Electronic health record ‘
P { Cliieal infoemation |

Multi Omics Profile | | Patient health information | |
L]
Cienomics S Bamm
iplomics ‘
| Proteomics Data Integration
Metabolomics - (Computational and
N systems biology)
Gilyeomics
Fluxomics Fersonalized
|_Epigenomics _ freatment

el ()] ()1 ) SN

Data Analytics

Analytics Human Input

Descriptive
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Diagnostic
Why did it happen?

Predictive
Based on what we know, What will
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Machine Learning Techniques in Healthcare
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Decision Tree Support Vector Machine Neural Network
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Partitioned Clustering

K-Nearest Neighbour
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Conclusions and Future Research Directions
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