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Machine Learning provides powerful algorithms used to uncover lll. Big data le‘é ?)IO\'IEA

patterns in the increasingly large amounts of data and to provide
useful insights. However, with the rise of Big Data, the traditional
way of performing Machine Learning has become insufficient to
respond to the new challenges of data volume, variety, velocity,
veracity and value.

IV. Machine Learning applied to big data
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V. Applications VI. Conclusions and open issues

While general ML
libraries such as Spark
MLlIlib offer good results,
there are
libraries/algorithms that
are written for specific
use cases like
bioinformatics, which can
lead to significant
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Learning has addressed the Volume, Variety and Velocity

parts of big data, while Veracity and Value have not seen

much attention.

In order to deal with Veracity, algorithms could
be developed that detect the trustworthiness
of data or data sources, and are able to filter
out untrustworthy data in the preprocessing
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existing evaluation strategies for ML
algorithms can be improved so that they do
not include only the prediction accuracy, but
also other metrics regarding how well they
support the end users in their tasks.
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